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MMPs involved in the processing of parts

Challenge 1:
Complex intermediate factors affecting final quality
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The propagation pattern is complex and
difficult to model accurately

Challenge 2:
Constrains the perceived accuracy of part machining quality
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O The simulation of knowledge-embedded data
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Enables the acquisition of knowledge-embedded datasets
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O The end-to-end intelligent reasoning model based on ANFIS

Part 3 The end-to-end intelligent reasoning model based on ANFIS |
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/A knowledge-embedded end-to-end intelligent reasoning\

\method for processing quality of shaft parts is proposed. )

4 )
The final machining quality of the part (Wall Thickness
Difference) can be pre-perceived by the measurement results of
the current process.

\ /

4 _ _ _ . _ )
By analyzing the membership functions, it is possible to specify
the appropriate size range for each section, which ensuring that

kthe WTD meets the requirements. y
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Improved semi-parametric regression model for mechanism knowledge fusion

Analysis and inference of stream of dimensional errors in multistage machining process based on an improved semiparametric model 12
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HMM was used for qualification prediction with inspection data
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Shaft machining workshop

Workers—Production—Software

Reduced defective rate

54.53%
8.38% 3.81%
2019-2020 2021-2022

Provide support for the machining of a type of shaft for AVIC
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Thanks for listening]

Email: zhang_teng@hust.edu.cn
Github: https://github.com/ZhangTeng-Hust
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